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American Sign Language Dataset ;
American Sign Language Dataset for Image Classifcation .

y

Data Card Code (72) Discussion (2)  Suggestions (1)

About Dataset Usability ©
7.50

This dataset can be used to apply the ideas of multi class classification using the technology of your choice. This is curated for convolution License

neural network. The multi class classification result will be close to 98% of accuracy if the algerithm is good enough. CC0: Public Domain

Expected update frequency
Mot specified
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for ksl_layer in ksl_model. layers:
asl_layer = asl_by_name.get(ks1_layer.name)
if asl_layer is None:

continue
asl_w, ksl_w = asl_layer.get_weights(), ksl_layer.get_weights()
if all(a.shape == k.shape for a, k in zip(asl w, ksl w)):

ks1_layer.set_weights(asl_w)
# else: stem_conv/classifiers= shape £¢x| - #H =7\

# Stage 1 (LR=1e-3): stem_conv + classifier? 3t& (backbone S2Z)
freeze_layers(model, frozen_names=['stem_bn', 'mbblock_1~6"', 'top_conv'])

# Stage 2 (LR=1e-4): &9 Zgt backbone S
freeze_layers(model, frozen_names=['stem_bn', 'mbblock_1', 'mbblock_2', 'mbblock_3"]

# Stage 3 (LR=5e-6): T f2lFd + label smoothing

unfreeze_all(model)
model. compile(loss=SparseCategoricalCrossentropy(label_smoothing=0.1))
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HH = J1X (Backbone Structure)
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